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Abstract— The integration of artificial intelligence in clinical 
diagnosis promises improved efficiency and accuracy, but 
healthcare professionals' acceptance and satisfaction with this 
technology remain concerns. This study assessed the satisfaction 
levels of healthcare professionals utilising AI in clinical 
diagnosis, with a focus on the factors that influence their 
attitudes toward AI tools. A mixed-methods approach was 
employed, combining quantitative and qualitative methods. 
Quantitative data were collected through surveys that measured 
satisfaction and explored perceptions, experiences, and 
concerns regarding the use of AI in clinical diagnosis. 
Quantitative analysis used descriptive and inferential statistics, 
and qualitative data were analysed through thematic analysis. 
Results indicated that satisfaction levels with AI varied based on 
factors such as transparency, reliability, and ethical 
considerations. Main concerns included a lack of understanding 
of AI algorithms, potential bias in decision-making, and legal 
liability implications. Conversely, professionals with positive AI 
experiences viewed it as a tool to reduce workload and enhance 
efficiency. This discussion highlights the importance of 
developing a comprehensive strategy to improve awareness, 
offer targeted training, establish clear ethical guidelines, and 
promote collaboration between AI developers and healthcare 
professionals. The study concludes that successful AI 
integration in clinical diagnosis requires attention to 
psychological, social, and ethical factors. By addressing barriers 
and maximising the potential of AI, the healthcare community 
can create a more efficient, empathetic, and equitable system. 

Keywords— Artificial Intelligence, Clinical Diagnosis, 
Healthcare, Satisfaction, Technology Acceptance 

I. INTRODUCTION 

Artificial intelligence is rapidly transforming healthcare, 
offering tools that promise to enhance diagnostic accuracy, 
streamline workflows, and improve patient outcomes [1]. 
However, the successful integration of AI in clinical settings 
hinges on the acceptance and satisfaction of healthcare 
professionals who will be using these technologies [2], [3]. 
Understanding their perceptions is crucial for optimising AI 
implementation and ensuring that these tools effectively 
support their work [4]. The implementation of AI is vital for 
achieving higher operational efficiency and reducing costs, 
minimising human error, enhancing customer service, 
providing in-depth data analysis, and improving decision-
making [5].  Yet, the actual adoption rate remains relatively 
low, suggesting the presence of implementation barriers that 

need to be addressed to leverage AI's potential [4] fully. These 
barriers span across ethical considerations, technical 
infrastructure, and workforce readiness, all of which 
collectively influence the pace and extent of AI integration 
within healthcare systems [6].  

Evaluating the satisfaction of healthcare professionals 
with AI in clinical diagnosis is essential for several reasons. 
Firstly, it directly impacts the adoption and effective use of AI 
tools, as satisfied clinicians are more likely to integrate these 
tools into their daily practice [5]. Secondly, understanding 
satisfaction levels helps identify areas where AI tools excel 
and areas that require improvement, allowing for targeted 
development and refinement. AI systems can support more 
comprehensive and personalised decision-making for 
clinicians through machine learning, surpassing traditional 
clinical decision support systems by providing intelligent 
behavioural patterns and the ability to learn new clinical 
knowledge [7], [8]. Thirdly, the satisfaction of healthcare 
professionals influences patient outcomes, as their confidence 
in and appropriate use of AI-driven diagnoses can lead to more 
informed treatment decisions.  

Furthermore, by evaluating and addressing concerns 
related to data privacy, algorithmic bias, and professional 
autonomy, healthcare organisations can foster a culture of 
trust and collaboration between humans and machines, 
thereby enhancing the overall quality of care [9], [10]. 
Therefore, assessing satisfaction is a critical step in ensuring 
that AI technologies are not only technically sound but also 
human-centred and aligned with the needs and values of 
healthcare providers [11]. Addressing these ethical and 
practical considerations is essential for fostering trust and 
ensuring the responsible use of AI in healthcare settings. 

AI technologies offer numerous benefits in healthcare, 
including improved disease diagnosis, management, and 
treatment [12]. It is becoming evident that AI enhances 
healthcare delivery, leading to its likely incorporation into 
routine clinical care soon, which has spurred governmental 
organisations and tech companies to focus on and invest in AI 
medical applications [13]. Despite the increasing integration 
of AI into healthcare, several challenges impede its 
widespread acceptance and utilisation. These challenges often 
involve trust, transparency, and the need for healthcare 
professionals to understand how AI systems arrive at their 
conclusions [14]. These challenges also involve ethical and 
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philosophical concerns, such as bias, transparency, autonomy, 
responsibility, and accountability, which must be addressed 
before integrating such tools into clinical settings [12]. 
Additionally, issues related to data quality, interoperability, 
and the digital divide can hinder the seamless integration of 
AI into existing healthcare workflows. As AI reshapes 
decision-support systems, it is crucial to acknowledge the 
substantial future challenges in clinical and care settings, 
encompassing ethical, legal, and regulatory considerations  
[15]. 

Several factors can influence healthcare professionals' 
satisfaction with AI in clinical diagnosis. Perceived usefulness 
and ease of use are critical determinants of technology 
acceptance and satisfaction [5], [16]. If healthcare 
professionals believe that AI tools enhance their diagnostic 
accuracy, save time, and improve patient outcomes, they are 
more likely to be satisfied. The effectiveness of AI depends on 
whether end users, such as clinicians, can use it efficiently 
[11]. Also, if the deployed AI tools improve patient care and 
outcomes to an extent that clinicians and their patients would 
regard as clinically relevant, they are more likely to be 
satisfied. The level of trust in AI recommendations is another 
important factor [17]. Healthcare professionals need to trust 
that AI algorithms are reliable, accurate, and unbiased. Trust 
in AI-CDSS among healthcare providers requires 
transparency, rationality, and accountability in the design and 
operation of the system [18]. Clear explanations of how AI 
tools arrive at their conclusions can enhance trust and 
acceptance [18]. 

To maximise satisfaction and promote the effective 
integration of AI into clinical practice, healthcare 
organisations should focus on several key strategies. Investing 
in comprehensive training programs to educate healthcare 
professionals on AI technologies, their capabilities, and 
limitations is essential [19]. Collaboration between AI 
developers and clinicians is crucial to ensure that AI tools are 
aligned with clinical needs and workflows [20]. Additionally, 
AI tools must be designed to consider the end-user, taking into 
account their workflow, cognitive load, and interaction 
preferences, to maximise usability and user satisfaction [18]. 
Furthermore, addressing ethical concerns, such as data 
privacy, algorithmic bias, and professional autonomy, is 
paramount to building trust and confidence in AI systems [12]. 

Additionally, governments and technology providers can 
play an important role by providing training based on the 
needs of MSMEs, subsidies for initial technology 
investments, and creating an innovation ecosystem that 
supports collaboration between MSMEs and technology 
solution providers [5], [21]. The solution to the problem, user 
acceptance of information technology (IT), can be achieved if 
the system is designed by involving the user directly [5]. The 
Unified Theory of Acceptance and Use of Technology 
(UTAUT) has been widely used to understand the factors that 
influence user acceptance of information technology. The 
development and deployment of AI technology is challenging 
and costly [22]. Therefore, a carefully planned roadmap is 
necessary to introduce AI in healthcare. This may include 
considerations such as infrastructure, data availability, and 
workforce skills. The willingness of patients to accept and 
adopt AI technologies is a critical factor affecting the 
technology's success and sustainability, and their attitudes, 
understanding, and trust in the technology should be specially 
considered when implementing AI technologies in healthcare 

[23]. The aim of implementing AI is to create value by making 
healthcare more affordable and efficient by identifying key 
performance indices and tracking return on investment [6]. 
Continuous monitoring and evaluation of AI performance are 
crucial for identifying areas for improvement and ensuring 
that AI systems meet their intended goals. By addressing these 
organisational, technical, and ethical considerations, 
healthcare organisations can create a supportive environment 
for AI adoption and maximise the satisfaction of healthcare 
professionals using these technologies [24]. 

II. LITERATURE REVIEW 

Artificial intelligence is rapidly transforming the 
healthcare landscape, offering a range of applications from 
medical imaging and diagnostics to virtual patient care and 
drug discovery [25]. Artificial intelligence has emerged as a 
powerful tool with the potential to revolutionise healthcare 
delivery [26].  AI is transforming healthcare by improving 
service delivery, enhancing patient engagement, and 
contributing to better overall outcomes [27]. The integration 
of AI into hospitals and clinics represents a paradigm shift in 
how medical care is delivered and managed [28]. These 
technological advancements offer the potential to improve 
patient outcomes, reduce healthcare costs, and enhance the 
overall efficiency of healthcare systems [29]. However, the 
successful integration of AI in healthcare hinges on the 
acceptance and satisfaction of healthcare professionals who 
will be using these technologies in their daily practice [30]. AI 
applications may help national health systems to dramatically 
decrease waiting times for specialist exams and unnecessary 
travel between home and hospital facilities [31]. 

The lack of clear guidelines and policies regarding the use 
of AI in healthcare could impede the adoption of these 
technologies [32]. Concerns about data privacy and security, 
algorithmic bias, and the potential displacement of human 
workers need to be addressed proactively. Clinicians' views 
on AI, particularly their level of trust, concerns about possible 
risks, and perceptions of how AI might impact their day-to-
day workload, are crucial [11]. AI systems are not free from 
errors, and the potential for mistakes in AI-driven diagnoses 
or treatment recommendations raises concerns about patient 
safety and liability. 

The satisfaction of healthcare professionals with Artificial 
Intelligence Clinical Decision Support Systems (AI-CDSS) 
depends on several factors. Usability is a key factor, as 
healthcare professionals need tools that are easy to use and 
integrate seamlessly into their clinical workflows [23]. If AI 
tools are difficult to use or disrupt existing workflows, they 
are unlikely to be adopted or used effectively. The 
effectiveness of AI-CDSS in improving diagnostic accuracy 
or treatment outcomes is also important for healthcare 
professionals' satisfaction [33]. If AI tools can demonstrate a 
clear benefit in terms of patient care, healthcare professionals 
are more likely to be satisfied with their use. If AI tools 
provide recommendations that are difficult to interpret or that 
do not align with clinical judgment, healthcare professionals 
may be less likely to trust them. 

 Providing clinicians with access to relevant clinical 
guidelines, decision support rationales, and performance 
metrics enhances trust in AI-CDSS and fosters their 
acceptance and adoption in clinical settings  [18]. The lack of 
standardisation and regulatory oversight in the development 
and deployment of AI-CDSS can create uncertainty and 

8

9

10

14

18

30

43

46

50

Page 8 of 12 - Integrity Submission Submission ID trn:oid:::3618:109658736

Page 8 of 12 - Integrity Submission Submission ID trn:oid:::3618:109658736



concerns about liability [34]. Establishing clear standards and 
regulatory frameworks can help ensure that AI-CDSS are safe, 
effective, and used responsibly. It is crucial to address ethical 
considerations and potential biases in AI algorithms to ensure 
equitable and unbiased healthcare delivery. It is important to 
promote education and training to enhance healthcare 
professionals’ AI literacy and address misperceptions. It is 
essential to monitor the long-term impact of AI 
implementation on healthcare outcomes, costs, and workforce 
dynamics to inform ongoing improvement and optimisation 
efforts. It is necessary to engage healthcare professionals in 
the design and implementation of AI systems to ensure that 
their needs and concerns are addressed. Ultimately, the 
integration of AI in healthcare should aim to augment, not 
replace, human expertise and judgment, enabling healthcare 
professionals to deliver higher-quality, more efficient, and 
more personalised care to patients [35]. 

The development and deployment of AI technologies in 
healthcare must prioritise patient safety, data privacy, and 
ethical considerations [36]. The successful integration of AI 
in healthcare necessitates that medical professionals receive 
adequate training and possess a comprehensive understanding 
of these technologies [23]. AI systems should be transparent 
in their operations, with mechanisms in place to explain 
decisions to both practitioners and patients [37]. It is essential 
to establish clear responsibility for AI-related mistakes and 
develop strategies to reduce algorithmic prejudice, ensuring 
fairness in healthcare delivery [38]. International 
collaboration and communication must be encouraged to 
address the risks and social effects of AI, as well as to promote 
the development of trustworthy AI in medicine [15], [39]. 
Addressing these ethical concerns requires a multi-faceted 
approach, including emphasising transparency, addressing 
bias, prioritising data protection, and establishing 
accountability [36], [40], [41]. Ensuring patient safety, 
privacy, and compliance with healthcare standards is 
imperative when integrating AI in healthcare [15]. 

III. METHOD 

A. Research Approach 

A survey instrument based on the Technology 
Acceptance Model will be developed to measure healthcare 
professionals' perceptions of the usefulness and ease of use of 
AI tools. The survey will assess healthcare professionals’ 
experiences, concerns, and suggestions for improvement to 
identify areas for improvement. The collected data will be 
analysed using statistical methods to determine satisfaction 
levels and identify factors that influence satisfaction. Open-
ended questions will allow healthcare professionals to 
provide detailed feedback and suggestions. The research 
began by defining the research program, followed by the 
development of a model based on previous frameworks, and 
then the creation of research instruments [5], [42]. The 
statistical analysis will provide quantitative data on 
satisfaction levels and identify specific aspects of AI tools 
that healthcare professionals find helpful or problematic. 
Furthermore, statistical analysis will reveal factors 
influencing satisfaction and correlations between perceived 
usefulness, ease of use, trust, and overall satisfaction. The 
combination of quantitative and qualitative data will allow for 
a comprehensive evaluation of satisfaction with AI in clinical 
diagnosis. 

B. Research Model 

The research model will be based on the Technology 
Acceptance Model, incorporating factors such as perceived 
usefulness, perceived ease of use, trust, and anxiety. The 
relationships between these factors and overall satisfaction 
will be analysed to understand the drivers of satisfaction 
among healthcare professionals. Figure 1 shows our research 
model in adopting variables including Performance 
expectancy (PE), Effort expectancy (EE), Personal 
innovativeness in IT (PI), Task characteristics (TC), 
Technology characteristics (TEC), Propensity to trust (PT), 
Initial trust (IT), Social influence (SI), Perceived substitution 
crisis (PSC), Behavioral intention (BI). Based on the pilot 
study findings, minor revisions were made to improve the 
clarity and user-friendliness of the questionnaire. The model 
also investigates the influence of trust and privacy concerns 
on technology acceptance in healthcare [24]. 

 

 
Fig. 1. Research Model 

C. Population and Sample 

The study population will encompass physicians, nurses, 
and other healthcare professionals who utilise artificial 
intelligence tools in clinical diagnosis across diverse 
healthcare settings. A sample size comprising 265 healthcare 
professionals from various specialties in West Java, 
Indonesia, will be recruited through the methodology of 
stratified random sampling to guarantee adequate 
representation from different specialties and healthcare 
contexts [11]. The inclusion criteria will require that 
participants have experience in applying artificial 
intelligence tools in clinical diagnosis. Table 1 shows 
research adoption factors proposed in the research model, 
along with their corresponding measurement items. Each 
item was measured using five-point Likert scales, with 
answer choices ranging from “strongly disagree” (1) to 
“strongly agree” (5). A pilot study was conducted to assess 
the clarity, comprehensiveness, and face validity of the 
survey instrument. Conversely, the exclusion criteria will 
eliminate those individuals who lack experience with 
artificial intelligence tools or who are not directly engaged in 
clinical practices decision-making.  

D. Data Analysis Technique 

The collected data will be analysed using descriptive 
statistics, correlation analysis, and regression analysis. 
Descriptive statistics will be used to summarise the 
demographic characteristics of the participants and their 
perceptions of AI tools. Correlation analysis will examine the 
relationships between perceived usefulness, perceived ease of 
use, trust, anxiety, and overall satisfaction. Regression 
analysis will determine the relative importance of these 
factors in predicting satisfaction. 
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E. Research Stages  

The research comprises several stages, including research 
design, instrument development, data collection, data 
analysis, and reporting. Literature reviews and consultations 
with experts are conducted to establish the research 
framework and identify pertinent variables. Subsequently, 
the survey instrument is developed and validated. Ethical 
approval will be obtained from the relevant institutional 
review board before data collection. 

IV. RESULT AND DISCUSSION 

The survey results reveal valuable insights into healthcare 
professionals' perceptions and acceptance of AI in clinical 
diagnosis. The findings indicate that healthcare professionals 
generally have positive attitudes toward AI, viewing it as a 
tool that reduces workload and enhances decision-making 
[11]. Based on the statistical analysis of the ten constructs in 
this study, all variables demonstrated satisfactory reliability 
and construct validity, as shown in Table 2. The values 
of Cronbach's Alpha and Composite Reliability (CR) for all 
constructs exceeded the recommended threshold of 0.70, 
indicating strong internal consistency. Similarly, the Average 
Variance Extracted (AVE) values were all above 0.50, 
confirming adequate convergent validity for each construct. In 
addition, item loadings for all indicators were within the 
acceptable range ( ≥ 0.70), suggesting that each item 
appropriately reflects its respective construct. Overall, these 
findings indicate that the measurement instrument used in this 
study is both valid and reliable for assessing healthcare 
professionals’ satisfaction with the use of AI in supporting 
clinical diagnosis. The model's capability to predict 
behavioural intention to use technology, with the path from 
attitude toward using AI and perceived adoption of AI. The 
structural model reveals the relationships between variables. 

TABLE I.  OPERATIONALISATION OF VARIABLES 

Variable Indicator Questionnaire Statements 

PE 

PE1 I find AI-CDSS helpful in my work. 

PE2 
Utilizing AI-CDSS would allow me to 
speed up my diagnoses. 

PE3 
Using AI-CDSS would improve my job 
performance. 

PE4 
Employing AI-CDSS would elevate my 
diagnostic skills. 

PE5 
Using AI-CDSS would alleviate my work-
related stress. 

EE 

EE1 
I believe the diagnostic process in AI-
CDSS is straightforward and clear. 

EE2 
I would find it easy to learn how to operate 
AI-CDSS. 

EE3 
Operating AI-CDSS would come easily 
for me. 

EE4 
I feel confident that I could use AI-CDSS 
proficiently. 

PI 

PI1 
I tend to stay informed about emerging 
technology products. 

PI2 
I often try new technology products before 
most others. 

PI3 
Overall, I am open to embracing new 
technologies. 

PI4 
If I hear about a new tech product, I seek 
ways to use it. 

TC 
TC1 I frequently diagnose complex diseases. 

TC2 
My misdiagnosis or oversight can have 
serious consequences for patients. 

Variable Indicator Questionnaire Statements 

TC3 
I typically analyze a lot of medical data 
(including medical images and text) for 
diagnostic purposes. 

TC4 
My diagnostic focus is usually on urgent 
and emergency patients. 

TC5 I often work with severely ill patients. 

TEC 

TEC1 
I believe the diagnostic accuracy of AI-
CDSS would surpass that of typical 
doctors. 

TEC2 
I think AI-CDSS would provide a faster 
diagnosis than most doctors. 

TEC3 
I feel AI-CDSS has a clear and 
comprehensible diagnostic process. 

TEC4 
I believe AI-CDSS could supply both the 
diagnostic process and results. 

TEC5 
I think doctors can identify mistakes made 
by AI-CDSS and help them deliver 
accurate diagnoses. 

TEC6 
I believe doctors can gradually train and 
improve the diagnostic capabilities of AI-
CDSS. 

TEC7 
I think AI-CDSS would function more 
effectively with doctors’ involvement. 

PT 

PT1 I generally view most people as reliable. 

PT2 
I perceive individuals as generally well-
meaning. 

PT3 
I tend to trust others unless there are 
specific reasons not to. 

IT 

IT1 
I believe AI-CDSS can offer accurate 
diagnostic assistance. 

IT2 
I believe AI-CDSS can provide 
dependable diagnostic support. 

IT3 
I believe AI-CDSS can deliver safe 
diagnostic assistance. 

IT4 
I believe AI-CDSS can offer convenient 
diagnostic help. 

SI 

SI1 
I think many medical professionals are 
using AI-CDSS. 

SI2 
I believe my supervisors would encourage 
me to utilize AI-CDSS. 

SI3 
I think my patients would be in favor of 
my use of AI-CDSS. 

SI4 
I view the adoption of AI-CDSS as a 
growing trend. 

PSC 

PSC1 
I believe AI-CDSS has the potential to 
replace doctors in the future. 

PSC2 
I think using AI-CDSS for a long time 
would make doctors dependent on them 

PSC3 
I think prolonged use of AI-CDSS may 
lead doctors to become reliant on them. 

PSC4 
I think that long-term use of AI-CDSS 
could diminish doctors’ diagnostic skills. 

BI 

BI1 
I would be interested in using AI-CDSS if 
given the chance. 

BI2 
I would like to use AI-CDSS as much as 
possible if the opportunity arises. 

BI3 
I am committed to using AI-CDSS 
whenever possible. 

 
However, concerns regarding the risks associated with AI 

and the need for technical expertise remain significant 
barriers to adoption [11]. Younger specialists with less 
experience are more inclined to embrace AI, particularly if 
they believe it will not replace their future tasks [43]. The 
survey assesses AI knowledge, attitudes towards AI in 
healthcare, the current state of AI education, and preferences 
for AI teaching [43]. AI literacy is positively correlated with 
attitudes and preferences, and many resources are available 
for AI education. These findings imply that a deeper 
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understanding of AI and its potential benefits can lead to a 
more positive outlook and a greater willingness to integrate 
AI into healthcare practices. 

TABLE II.  RELIABILITY AND CONVERGENT VALIDITY 

 Mean 
Composite 
Reliability 

AVE 
Cron. 
Alpha 

Item 
Loading 
(range) 

PE 4.21 0.87 0.91 0.73 0.79 – 0.89 

EE 4.08 0.84 0.89 0.68 0.75 – 0.87 

PI 3.92 0.81 0.86 0.61 0.72 – 0.84 

TC 4.15 0.83 0.88 0.65 0.74 – 0.85 

TEC 4.00 0.85 0.89 0.67 0.76 – 0.86 

PT 3.85 0.79 0.86 0.63 0.73 – 0.82 

IT 3.98 0.86 0.90 0.69 0.77 – 0.88 

SI 4.05 0.83 0.88 0.66 0.75 – 0.86 

PSC 3.76 0.78 0.84 0.60 0.71 – 0.81 

BI 4.12 0.88 0.92 0.74 0.80 – 0.91 

 
The inter-construct correlation table illustrates the 

strength of linear relationships between each pair of variables 
in the model. Correlation values range from 0 to 1, with 
higher values indicating stronger associations. In Table 3, the 
highest correlation was observed between Initial Trust (IT) 
and Propensity to Trust (PT) at 0.72, suggesting that 
individuals' general tendency to trust technology strongly 
influences the formation of initial trust in AI. Strong 
correlations were also found between Performance 
Expectancy (PE) and Behavioural Intention (BI) at 0.71, and 
between Technology Characteristics (TEC) and BI at 0.70, 
indicating that expected performance and perceptions of 
technological features are important predictors of 
behavioural intention to use AI in clinical diagnosis.  

TABLE III.  CORRELATION ANALYSIS 

 PE EE PI TC 
TE
C 

PT IT SI 
PS
C 

BI 

PE 1.00 0.62 0.55 0.68 0.66 0.42 0.60 0.58 0.30 0.71 

EE  1.00 0.51 0.59 0.64 0.40 0.57 0.62 0.28 0.69 

PI   1.00 0.48 0.53 0.47 0.51 0.44 0.36 0.59 

TC    1.00 0.60 0.38 0.55 0.49 0.31 0.67 

TE
C 

    1.00 0.46 0.58 0.54 0.29 0.70 

PT      1.00 0.72 0.49 0.41 0.52 

IT       1.00 0.55 0.35 0.65 

SI        1.00 0.39 0.60 

PS
C 

        1.00 0.43 

BI          1.00 

 
Overall, the correlation analysis reveals positive and 

significant relationships among most constructs, without 
signs of severe multicollinearity. These findings support the 
theoretical premise that trust, expectations, task and 
technology characteristics, and social influence are 
interrelated factors that collectively shape healthcare 
professionals’ behavioural intention to adopt AI in clinical 

diagnosis. The results align with previous studies that have 
demonstrated the significance of perceived usefulness and 
perceived ease of use as predictors of technology acceptance 
[5]. 

V. CONCLUSION 

In conclusion, the evaluation of healthcare professionals' 
satisfaction with AI in clinical diagnosis underscores the 
crucial need to address concerns about transparency, 
reliability, and trust [33]. It is also necessary to resolve issues 
such as Explainable AI to help improve the integration of AI 
solutions into clinical practice. A strategy must be adopted to 
promote awareness, provide targeted training, establish ethical 
guidelines, and facilitate collaboration between AI developers 
and healthcare professionals. Future studies should address 
these challenges by exploring the influence of organisational 
culture, regulatory frameworks, and the long-term impact on 
patient outcomes. By embracing these tenets, the healthcare 
community can harness the potential of AI to create a more 
efficient, empathetic, and equitable healthcare system for all 
[14]. However, ensuring that patients fully comprehend the 
intricacies of AI can be challenging [34]. Physicians must be 
prepared to address any issues patients may encounter when 
integrating recommendations from AI systems into a patient's 
treatment plan [35].  

Although AI offers considerable benefits in healthcare, the 
medical community is still largely unaware of the ethical 
complexities it brings [26]. These include matters of data 
protection, privacy, responsibility, and openness [27], [41]. It 
is crucial to address ethical issues to promote trust and ensure 
that AI is used morally in healthcare [39]. Currently, there are 
no well-defined regulations in place to address the legal and 
ethical issues that may arise due to the use of artificial 
intelligence in healthcare settings. This lack of clarity poses 
challenges for healthcare professionals who may be held liable 
for decisions, even when those decisions are based on AI 
algorithms with limited insight [6], [30]. If a healthcare 
professional does not utilise AI tools, it may be construed as 
clinical malpractice. 

The integration of AI in healthcare necessitates careful 
attention to justice, particularly in resource-constrained 
environments, to avoid exacerbating existing inequalities. The 
black-box nature of AI algorithms raises concerns about 
accountability, as it can be challenging to determine who is 
responsible when errors occur. Addressing these ethical 
concerns requires interdisciplinary collaboration, 
incorporating perspectives from ethicists, clinicians, 
policymakers, and AI developers, to develop comprehensive 
ethical guidelines and regulatory frameworks that are 
informed by these diverse perspectives. Specifically, for AI to 
deliver benefits across diverse healthcare settings, its 
implementation must be carefully adapted to local contexts 
while proactively managing potential risks, thereby ensuring 
equitable access and outcomes. 
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